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Motivation Research Questions
- N ~ e Do standard accuracy metrics capture
: nallucination?
What standard benchmarks miss What MENA Settlngs expoge e How does hallucination vary across
e Western-centric image distribution e Architecture, clothing, food, artifacts, languages/dialects?
e Generic object/relation semantics market | | e How robust are different VLM families?
e Limited dialectal evaluation ® (ountry and regional visual cues e How do prompting strategies affect
e MGSA, Egyptian, Levantine prompts hallucination?
- L / e Does model scaling reduce hallucination?

M2CQA: Multilingual Multimodal Counterfactual Question Answering
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e Models are most robust in English

e Arabic introduces more counterfactual
susceptibility

e Egyptian and Levantine amplify the gap

e High Q+*, Low CFHR: Grounded and robust

e Low Q+, Low CFHR: Conservative rejection; answer Is
not necessarily grounded

e High Q+, High CFHR: Hidden over-acceptance bias
towards True
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iIntroducing culturally plausible but visually unsupported constraints




